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SBU NLP-related Research Groups

● Cognitive States Group - Owen Rambow

● Cognitive Science and Language Learning - Jordan Kodner

● DSL: Data Science Lab - Steven Skiena

● Grammatical Inference - Jeffrey Heinz

● HLAB: Human Language analysis Beings - H. Andrew Schwartz

● Ipseology and Identity Trends - Jason J. Jones

● KALM: Knowledge Authoring Logic Machine - Paul Fodor

● LAIR: Language and AI Research - Ritwik Banerjee

● LUNR: Language Understanding and Reasoning - Niranjan Balasubramanian
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The Health of Individuals is Improving

14(Source: US Centers for Disease Control; Age Adjusted Rates)

25% increase
since 1999
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683 Patients

Posts prior to 
first documented 

diagnosis. 
Depression

Johannes C. Eichstaedt, Robert J. Smith, Raina M. Merchant, Lyle H. Ungar, 
Patrick Crutchley, Daniel Preoţiuc-Pietro, David A. Asch, H. Andrew Schwartz. 
2018. Facebook language predicts depression in medical records. Proceedings of 
the National Academy of Sciences. DOI:10.1073/pnas.1802331115
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Prediction of Depression Diagnosis

Johannes C. Eichstaedt, Robert J. Smith, Raina M. Merchant, Lyle H. Ungar, Patrick 
Crutchley, Daniel Preoţiuc-Pietro, David A. Asch, H. Andrew Schwartz. 2018. 
Facebook language predicts depression in medical records. Proceedings of the 
National Academy of Sciences. DOI:10.1073/pnas.1802331115
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Eichstaedt, … Schwartz, 2018. Proceedings of the National Academy of Sciences.



Guntuku, S. C., Schwartz, H. A., Kashyap, A., Gaulton, J. S., Stokes, D. C., Asch, D. A., ... & Merchant, R. M. (2020). Variability in Language used on Social 
Media prior to Hospital Visits. Nature - Scientific Reports, 10(1), 1-9.
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N = 269
Curtis, B., Giorgi, S., Ungar, L., Vu, H., Yaden, D., Liu, T., ... & Schwartz, H. A. (2023). AI-based analysis of social media language predicts addiction 
treatment dropout at 90 days. Neuropsychopharmacology, 48(11), 1579-1585.
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Population
Assessment

Mangalik, S., Eichstaedt, J. C., Giorgi, S., Mun, J., Ahmed, F., Gill, G., ... & Schwartz, H. A. (2024). Robust language-based 
mental health assessments in time and space through social media. npj Digital Medicine, 7(1), 109.
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fixed effects betas
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Current and Future 
PTSD Severity

(PCL Score)
AI

model
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hyper-arousal
numbing
avoidance
re-experiencing

open-vocab markers

new 
multimodal

AI model
(PTSD-STOP)

PTSD-STOP:  
Symptom Tracer and Outcome Prognosticator 
communication

1. video

2. audio

3. language

Overarching Goal: Develop and evaluate AI-based communication 
assessment of current symptoms and future outcomes.

Oscar Kjell
(Psychology, Lund Univ)

Roman Kotov
(Psychiatry, SBU)

Dimitris Samaras
(CS, SBU - Vision)
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